Creating Survival Plots
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Use the fun argument to set the transformation of the survival curve. 21 RPN e, R e 03 o e t—=—
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hazard function or "pct" for survival probability in percentage. Time Time e —  Hazadrao
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ggsurvplot(fit, data = lung, fun = "cumhaz")

Adjusted Survival Curves for Cox Proportional Hazards Model. Adjusted

function of time, linear predictor or observation id. The type of residual is X . i
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This onepager presents the survminer package [Alboukadel Kassambara, Marcin Kosinski, Przemyslaw Biecek, Scheipl Fabian 2021] in version 0.4.9 CC BY Przemystaw Biecek http://github.com/pbiecek

See https://github.com/kassambara/survminer/ for more details. https.//creativecommons.org/licenses/by/4.0/



